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Agenda

%. Welcome and Introductions
. What is Algorithmic Discrimination?

3. Why is Algorithmic Discrimination a Civil Rights Issue?
. The Growing Role of State and Local Civil Rights Agencies

5. New Jersey’s Al Guidance and the Evolving Landscape of State-Level
Responsible Al Governance

6. From Al Awareness to Enforcement Capacity: NFHA's Responsible Al
WorkStrategies for Responsible Use of Al

7. Practical Steps Civil Rights Agencies Can Take Now
8. qaa

National Fair Housing Alliance . ‘
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Al refers to the ability of machines to mimic
human-like intelligence

Generative Al: a type of artificial intelligence
that can learn from and mimic large amounts
of data to create content such as text, images,
music, videos, code, and more, based on
Inputs or prompts

Alan Turing, the father of Al



Al and its Capabilities, as Conveyed by ChatGPT

Natural Language Processing

Understand and generate human language
o ChatGPT, Siri or Alexa virtual assistants,
autocorrect, translation services

Image and Speech Recognition

|dentify and interpret images and words
» Google image search and facial

recognition software

Data Analysis

Analyze vast amounts of data, find patterns
for decision-making and predictions

» Self-driving vehicles

Automation
Automate repetitive tasks, improve efficiency

» Industrial robots used in manufacturing

Machine Learning
Ability to improve performance over time by
learning from data

» Email system learning to classify spam

Recommendation Systems
Personalized recommendations in streaming
platforms and online shopping

» Netflix recommendations “because you
watched,” social media feed
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Bias may be coded into Al models in these 3 phases
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Developers translate problem into a set of
instructions or a mathematical model

Bias can be introduced into the inputs, outputs,
or rules used by the algorithm to make decisions

Recent case: iTutorGroup used automated tool
to make hiring decisions that considered the
birth year of candidates, resulting in age-based
discrimination

@
. - ’
e %
ol > B
: : »
: »
. B T2°
. - .
s W .
Nl .
s - »
.
- » .
pe® ,)
» - »



)

NJciviCRieuTs

Automated tools are “trained” through exposure

to datasets before use in real world

The tool can become biased if the training data is
not diverse, reflects historical bias, is artificially

generated, or contains errors




Video, Reuters

Amazon Scraps Al
Recruiting Tool Showing
Bias Against Women



https://youtu.be/QvRZuHQBTps?si=V6kw_df1dT2HlqDw
https://youtu.be/QvRZuHQBTps?si=V6kw_df1dT2HlqDw
https://youtu.be/QvRZuHQBTps?si=V6kw_df1dT2HlqDw
https://youtu.be/QvRZuHQBTps?si=V6kw_df1dT2HlqDw
https://youtu.be/QvRZuHQBTps?si=V6kw_df1dT2HlqDw
https://youtu.be/QvRZuHQBTps?si=V6kw_df1dT2HlqDw
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Employment

Job advertising; resume review; hiring
decisions; performance reviews;
promotion, demotion, and firing
decisions

Housing

Advertising for housing; tenant
screening; mortgage approval and
terms; decisions on houses clients will
see or tour

Schools

Monitoring students' computer use;

filtering content; aiding in disciplinary
decisions; predicting whether students
graduate or face criminal legal system

Healthcare

Diagnostics; determining quality
and quantity of care; determining
health risks; allocating resources;
prescribing medication

Law Enforcement

|dentifying suspects; reading license
plates; selecting areas for patrol

Courts

Predicting whether someone will
commit another crime; setting bail;
deciding eligibility for pre-trial

release
{
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What commonalities or patterns do

you see with how automated <
decision-making tools are used
across these settings?

Who might be negatively affected?



https://youtu.be/8QEK7B9GUhM?si=I6xGKWJDxYkbGlBT
https://youtu.be/8QEK7B9GUhM?si=I6xGKWJDxYkbGlBT
https://youtu.be/8QEK7B9GUhM?si=I6xGKWJDxYkbGlBT
https://youtu.be/8QEK7B9GUhM?si=I6xGKWJDxYkbGlBT
https://youtu.be/8QEK7B9GUhM?si=I6xGKWJDxYkbGlBT
https://youtu.be/8QEK7B9GUhM?si=I6xGKWJDxYkbGlBT
https://youtu.be/8QEK7B9GUhM?si=I6xGKWJDxYkbGlBT
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https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa
https://youtu.be/PAOVklYbyzY?si=MKBaTkG73Fui6Kwa

Algorithmic
Discrimination Discussion

What commonalities or patterns do
you see with how automated decision-
making tools are used across these
settings?

Who might be negatively affected?
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3 Types of Discrimination Claims

§ 1. Failure to accommodate
P I 2 Disparate treatment
& discrimination

E 3 .  Disparate impact discrimination

——

The NJ Law Against Discrimination (LAD) prohibits all
forms of discrimination, whether the discriminatory
conduct was the result of a decision made by an
automated decision-making tool or by a human.
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An accommodation may be
necessary if an automated
tool is inaccessible

For example, if an automated
tool used to measure job
applicants’ typing speed is
unable to do so on a non-
traditional keyboard

Training

Automated tools may not be
trained on data that includes
Individuals who use
accommodations

For example, an automated
tool rejects a job applicant
who is blind and requires
screen reader software to
perform their job

Inclusion

Some automated tools may
fail to account for
accommodations

For example, if a tool
monitors employee
productivity and penalizes
employees who take
additional break time as an
accommodation

¥
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Disparate
Treatment

Discrimination

Occurs when a person is
treated differently,
intentionally or
unintentionally, because
of their membership in a
protected class

Example:
Al Detection

Software

Tools falsely labeled English
Language Learners’ writing
as being Al generated 61%
of the time

Tools were “near perfect” in
evaluating native English
speakers’ essays

Automated Tools
and Disparate
Treatment

If a school relied on tool
and unfairly penalized
English Language Learners
for using Al, that could be
disparate treatment
discrimination based on
nationality, national origin,
or ancestry

NJEiitRicnTs




ate Impact
ination

Occurs when policies or practices
seem neutral on their face but have a
disproportionately negative effect on
members of a protected class

ated Tools and
ate Impact

Can occur if a tool makes
recommendations or decisions that
disproportionately harm members of a
protected class, unless its use serves a
substantial, legitimate,
nondiscriminatory interest

NJcVitRiguTs




ase Example: SafeRent

Class-action discrimination lawsuit against SafeRent, a third
party tenant screening vendor

Case alleged that SafeRent’s scoring algorithm used credit
history to assign disproportionally lower scores to Black and
Hispanic applicants

Algorithm allegedly didn’t consider housing vouchers

Housing providers relied on these scores for housing decisions,
rejecting Black and Hispanic renters and those using housing
vouchers at higher rates

Court found that the plaintiffs adequately alleged that SafeRent
was responsible for the discriminatory effect of their tools under
the Fair Housing Act



Amazon Enforcement Action: Key Findings

Automated Systems
Failed Workers

« Over 27,000 disability
and pregnancy
accommodation requests

« Amazon’s automated
prccesses did not properly
account for these needs

Productivitiy
Algorithms
& Discipline

by
*'Q

- Rigid productivity metrics

enforced through
automated discipline

Workers with pending or
approved accommodations
were still penalized or
terminated

Discriminatory
Impact

« Accommodated workders
held to the same
standards as non-
accommodated employees

 Practices disproportionately
harmed pregnant workers
and workers with disabilities,
violating NJ civil rights laws
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b | ri
orkday, Inc. (2023) : | |

Mobley alleges that Workday's software rejected his job applications | \ \\§

because he is Black, over the age of 40, and has anxiety and depression

Iy

: : ' N
Mobley claims he was screened out due to name of college, graduation year, \\\ : % ,
SR |

\@

and personality tests ) § \

Workday attempted to have case dismissed, not an “employment agency” &} \\\5 ; b&
BV

A federal district judge said Workday can be § >§ > ;/._," 0.\\

considered an “agent” of the employer in a s S y | 4 | N

workplace discrimination case N n
Workday’s customers delegate traditional hiring

Later, a federal court allowed the action to functions, including rejecting applicants, to the

e el 28 & e femiels dees fe e algorithmic decision-making tools provided by

Workday.
based on age - California federal district judge



Who Should be Held Liable

Who do you think should be held liable in this case?

The employers who used Workday's tools to reject Mobley's job
applications

Workday, the third-party vendor whose decision-making tools were
used by the employers to reject Mobley's job applications

Both parties

Neither party
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DCR's guidance on algorithmic discrimination
specifies that workplaces, housing providers, or
places of public accommodation are liable for
algorithmic discrimination that results from their
use automated tools

« Even when developed by a third party

* Even if they do not understand its inner
workings
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Al and Bias Prevention in Housing B 0

Stanford University’s Al tool combs through historic property deeds to find
racially restrictive language - reviewed 24 million records in 6 days

other outbuildings incident to the residentisl use of the plot.
b.No structure shall be erected on any building plot, which plot. has an ‘
sres of less than 5000 squere feet mor a width end e frontsge of lesa than 50 feet. .o
¢.No structure shall be erected on any duilding plot nesrer than 20 feet
to the front 1line, nor nearer thaon 5 feet to eny uide plot line. The side line reatriction
shall not apply to & gerage located on the rear one-half of plot but no building shall be

erected closer than 10 feet to a side street line,

d.lo commerciol or manufacturing enterprise shell be cerried on upon.any

a. ho ponon- uot. or tha caucaalon Race shall bo sllowed to oocupy,oxcopt
_G& servents or resldenu. soid rool proport.y or eny part thereof.

f.No treiler, basement, tent, shack, garege, bern or other outbuildings
shell &€t any time be used as » residence temporarily or permenently, nor shell sny residence of
s temporsry character be permitted.

Portions of a racially restrictive 1940 real property deed from Santa Clara County includes the words: “No persons not of the
Caucasian Race shall be allowed to occupy, except as servants of residents, said real property or any part thereof.”




Algorithmic Discrimination in Housing: The FAIR Act

How Ne
Regulati
Rent-Se




\that the FAIR Act Does




Impacts on Renters

STOPS COORDINATED PROMOTES FAIRER AND HELPS ENSURE RENTS AIMS TO REDUCE HARMFUL
ALGORITHMIC PRICING MORE COMPETITIVE RENTAL REFLECT ACTUAL MARKET PRICE HIKES AND STABILIZE
AMONG LANDLORDS. MARKETS. CONDITIONS. COMMUNITIES.

NJciViCRiGHTs
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Broader Housing Strategy

Part of NJ's larger affordability agenda. .
Increasing statewide housing production. .

Supporting transit-oriented development. .
Expanding affordable housing opportunities. '
Housing Governing Council coordination. n

NJcVitRicuTs
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Three Cases, Three Enforcement Lessons

~ Technology changes the method—not the duty to comply with civil-rights law.

Protected groups could be
excluded from housing ads.

Lesson: Discrimination can occur
In targeting and delivery.

Minimum-price policies limited
services in communities of color.

Lesson: Neutral rules can
reproduce redlining.

NEFHA
FAIR HOUSING
. ALLIANCE

—
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\
SafeRent

Screening scores allegedly
disadvantaged Black and
Hispanic applicants.

Lesson: Vendors and
organizations using their
systems may both face liability.




Five Questions for Investigating an
Automated Decision
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Before Your Agency Uses Al

What problem are we trying to
solve?

Should this task be
automated?

What tool and information will be
used?

What safeguards and human review
are required?

What must the vendor disclose?

NATIONAL
NEH A s
. ALLIANCE
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Monitoring

Is the tool working as intended?
Are errors or harms affecting certain
groups?

Can we correct or stop its use?

Never put confidential information
into a public or unapproved Al tool.




What Agencies Can Do Now

1. ldentify the automated tools affecting agency
work and regulated decisions

2. Add technology questions to intake and
Investigations

3. Create procedures for complex cases and
evidence preservation

4. Adopt rules for the agency’s own use of Al

5. Train staff through realistic case scenarios

NFHA can help agencies assess their readiness

and build these tools.
NATIONAL
NF“ A FAIR HOUSING
n ALLIANCE
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5 Strategies for Responsible Al Use

Al Governance

Risk Management
Framework
Bias Auditing

Transparency

Humans-in-the-Loop

NJciVicRieHTs






egy 2. Risk
agement
ework

Define and manage risks
and negative impacts of
Al systems

Enhance positive
contributions of Al

for People,

 Algorithmic bias and
threats to civil liberties

* Environmental impacts
* Economic risks, including

job loss
* Privacy and security

g

NIST Framework
for Al Risk
Management

Key characteristics of
trustworthy Al systems:

» Valid and reliable

Safe and secure
Accountable and

transparent
Explainable
Fair; bias mitigation

NJEiitRicnTs




Strategy 3. Bias Audits

The practice of assessing, mitigating, and assuring an
algorithm'’s safety, legality, and ethics, including:
Diversity of development team
Datasets used in training
Rules used to make decisions
Measuring outputs for fairness and bias

Audit both pre-deployment and post-deployment

Best if performed by an independent party



Strategy 4. Transparency

ainability of
echnical
ponents

Can the internal
mechanics or rules of the
algorithm be easily
explained and
understood?

Are those subjected to the
algorithm aware of its use
and do they have the
opportunity to request
reasonable
accommodations?

===1
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Transparency of
Impact

Are the impacts of the
algorithm and its
capabilities clearly
communicated to those
who are directly and
indirectly affected by it?




ans-in-the-Loop”

outputs of Al systems




)F NEW JERSEY | DEPARTMENT OF LAW & PUBLIC SAFETY

JENNIFER DAVENPORT HOME ABOUT ~ INITIATIVES v MEDIA v CAREERS v RESOURCES v CONTACT v
Attorney General

NJ E?%TISNRIGHTS About DCR v  File AComplaint v  Priorities v Knowthelaw v  DCR Resources v

lville, Director . . . . . . .
File A Discrimination Complaint With Us

>omputer-driven technologies are rapidly reshaping modern society. Advanced technologies have the potential to reduce discrimination.
ese same technologies, when not used responsibly, can also amplify discrimination in ways that are hard to detect. The New Jersey

on on Civil Rights (DCR) is committed to supporting innovation by helping to prevent and eliminate discrimination in New Jersey and
2ssing the risks that automated decision-making tools can pose. That is why DCR has launched its Civil Rights and Technology Initiative,

) houses DCR’s Innovation Lab and DCR's Algorithmic Fairness Project.

Rights Innovation Lab Algorithmic Fairness Project

gh the Civil Rights Innovation Lab, DCR is leveraging Through the Algorithmic Fairness Project, DCR is addressing the risks
ation responsibly within our own work to advance DCR's of discrimination and bias-based harassment from the use of

oNn to prevent, address, and remedy discrimination across New advanced technologies. DCR will address how the use of different

y. The Innovation Lab will be working on developing automated decision-making tools in housing, employment, places
iology and tools to enhance our enforcement, outreach, and of public accommodation, credit, and contracting may violate New
> education work across the State. This includes improving the Jersey's civil rights laws, and how covered entities can use these
laint process, aiding in investigations and enforcement work, tools responsibly and mitigate that risk.

ipdating internal policies and procedures to help the Division

r earve dll Maewwr lesreoveime



Introduction to Algorithmic Fairness

Algorithmic discrimination occurs when automated decision-
making tools are used in a way that illegally disadvantages
individuals because of their protected characteristics.

Protected characteristics under the MNew Jersey Law Against
Discrimination (LAD) include race, religion, color, national origin,
nationality, sexual orientation, pregnancy, breastfeeding sex,
gender identity, gender expression, disability, and more.

Automated decision-making tools are technological tools that
are used to automate all or part of the human decision-making
process. They include both emerging technologies like artificial
intelligence (Al) and familiar technologies like traditional
statistical tools and decision trees.

The LAD prohibits algorithmic discrimination in the same way it
prohibits other forms of discrimination in housing, employment,
credit, contracting, and places of public accommodation—
including schools, banks, police departments, medical facilities,
and other places open to the public.

leads to algorithmic discrimination. Whether these
tools result in discrimination depends on their design,
development, and application.

Mot every use of automated decision-making tools - 1

M. Division on Civil Rights | NJDCR4U@nijcivilrights.gov | 1-833-653-2748

Automated Decision-Making |
B 0

Tools in Housing, Work, Schools,
and Health Care

Housing Providers may use these tools to:

* screen tenants + set mortgage terms * value homes
* approve rentals * decide which houses + advertise housing
* approve mortgages toshow people

Employers may use these tools to:

* make hiring and * assess interviews * monitor
firing decisions * make promotion and employees
* review resumes demotion decisions + advertise jobs

Schools may use these tools to:

= monitor attendance « monitor students’ + predict students’
* tutor students computer use likelihood of
+ grade assignments  « filter and block content graduation
* aid in disciplinary available to students
decisions

Health Care Providers may use these tools to:

+ make diagnoses * prescribe + determine
+ decide the type of medications patients’ health
care a patient receives * allocate resources risks

between patients

TSN

To learn more about automated decision-
making tools and the LAD, see our guidance
document.

N.J Division on Civil Rights | NJDCRAU@nijcivilrights.gov | 1-833-653-2748




Applying the Strategies

NarxCare, algorithm developed to score patients’ risk for
developing opioid addiction

Designed to flag potential “doctor shoppers,” but 20% of
those flagged receive coordinated care for cancer

Scenario:

After surgery, a doctor is prescribing opioids for pain
management. She checks the patient’s NarxCare score,

and notices that it is particularly high. The patient’s
medical history does not indicate any substance use

disorder.




Applying the Strategies

Which strategy would you advise this doctor and hospital to undertake

in applying NarxCare scores so that patient care is unbiased and
responsible?

How would you apply it?

Al governance (overarching principles for Al use)

Risk management framework (practices that minimize Al harm)
Bias audits (assessment of Al's safety, legality, and ethics)

Transparency (clarity of use and impact)

Humans-in-the-loop (human oversight and ability to override results)




National Fair Housing Alliance
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